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Fig.2 Importance of characteristic factors to

soil erosion in study area
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Table 1 Precision of models in predicting soil erosion of

horizontal channel in study area
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Fig.3 Comparison between LSTM-predicted value and measured value of horizontal channel in study area
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Table 2 Precision of models in predicting soil
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Fig.4 Comparison between LSTM-predicted value and measured value of fruiter terrace lands
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