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Fig.3 Distribution of vegetation cover in Qinzhou City during 2012—2022
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Fig.4 Spatial transfer trajectory of land use types during each period in Qinzhou City
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Fig.5 Land-use dynamics of each period in Qinzhou City
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Table 2 Indicator system for influencing factors of spatio-temporal evolution of land use in coastal areas
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Fig.6 Results of single-factor detection of land-use change
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Fig.7 Interaction detection results of land use change driving factors
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