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Fig.4 Landslide susceptibility assessment of Guiling City using five machine learning methods
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Table 3 Classification statistics of landslide susceptibility mapping results

150 7l T 5y & T e Gy BT It AR/ km? D72 A R /) M/ (B - km o ?)
<0.2 AR 9631.86 0 0.000
0.2~0.4 i 2211.90 41 0.019
48 [l U AR R 0.4~0.6 rp 45 8 853.57 330 0.037
0.6~0.8 ] 6 493.36 334 0.051
=>0.8 = 468.07 48 0.103
<0.2 e AIK 11 588.39 28 0.002
0.2~0.4 ik 6 589.51 154 0.023
Bt B R A TR 0.4~0.6 rh 4 6 165.83 235 0.038
0.6~0.8 & 2692.41 234 0.087
>0.8 ] 622.63 102 0.164
<0.2 e A% 11 328.12 25 0.002
0.2~0.4 fi& 3624.29 93 0.026
AF I AL 0.4~0.6 4 5493.14 185 0.034
0.6~0.8 =] 6121.99 345 0.056
>0.8 e 5 1091.22 105 0.096
<0.2 AR 19 711.96 163 0.008
0.2~0.4 ik 1304.00 29 0.022
T B2 £ FHHL 0.4~0.6 rr 46 1001.22 38 0.038
0.6~0.8 = 1097.44 63 0.057
>0.8 e g 4 544.14 460 0.101
<0.2 AR 16 010.14 67 0.004
0.2~0.4 {iis 3724.47 77 0.021
XGBoost 0.4~0.6 4 2 741.20 98 0.036
0.6~0.8 & 2438.48 168 0.069
>0.8 e = 2 744.50 343 0.125
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Table 4 Performance indicators of different models

LD 2 B WERE KR HIE F,—score AUC
BEBIEER  0.70 0.67 0.83 0.74 0.74
BEHLAR MBI 0.85 0.82 0.90 0.86 0.93
SRF L 0.73 0.67 0.96 0.79 0.79
b B BT 0.83 0.84 0.85 0.84 0.92
XGBoost B 0.84 0.84 0.85 0.84 0.92
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Fig.5 ROC curves for different landslide susceptibility
models in Guilin City
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Fig.6 Feature contribution summary diagram of different models
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Fig.7 Feature importance ranking of different model
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