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Fig.5 Landslide susceptibility zoning results of six models in study area
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Fig.6 ROC curves of six landslide susceptibility

models in study area
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Fig.7 Importance of landslide susceptibility influencing factors for three machine learning models in study area
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Fig.8 Interaction detection results of landslide
susceptibility influencing factors in study area
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Fig.9 Statistical results of landslide susceptibility

zoning in study area
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